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import habana frameworks.torch.core as htcore

import habana frameworks.torch.hpu as torch hpu

from habana frameworks.torch.hpu import wrap in hpu graph, hpu

from optimum.habana.utils import set seed

from optimum.habana.transformers.modeling utils import adapt transformers to gaudi

from pytriton.decorators import batch, first value, group by values

from pytriton.model config import DynamicBatcher, ModelConfig, Tensor
from pytriton.triton import Triton, TritonConfig

# EFIIHREAR/ OTR

def generate completion(prompt, temperature=0.1, top p=0.75, max new tokens=100) -> str:
# BT IR
# ...
return completions

@batch

@group by values ("max tokens", "temperature", "top p")

@first value("max tokens", "temperature", "top p")

def infer fn(
prompt: np.ndarray,
max_ tokens: np.int32,
temperature: np.float32,
top p: np.float32



# AR

#
return {"completion": np.array([[np.char.encode(c, "utf-8")] for c in completions]) }

# PyTriton H—EVIEER/N\VFL

def main () :
"""Initialize server with model.™""
args = parse args()

log level = logging.DEBUG if args.verbose else logging.INFO
logging.basicConfig(level=log level, format="%(asctime)s - %(levelname)s
- % (name)s: % (message)s")

log verbose = 1 if args.verbose else 0
config = TritonConfig(exit on error=True, log verbose=log verbose)

with Triton (config=config) as triton:
LOGGER.info ("Loading the model and starting the inference server...")
triton.bind(

model_name=model_name.split("/")[—1],

infer func= infer fn,

inputs=][
Tensor (name="prompt", dtype=bytes, shape=(1,)),
Tensor (name="max tokens", dtype=np.int32, shape=(1,)),
Tensor (name="temperature", dtype=np.float32, shape=(-1,)),
Tensor (name="top p", dtype=np.float32, shape=(-1,)),

I

outputs=][

Tensor (name="completion", dtype=bytes, shape=(1,)),
1,
config=ModelConfig(

max batch size=int (os.environ["BATCH SIZE"]),

batcher=DynamicBatcher (

max queue delay microseconds=100000,

),

),

strict=True,

)

triton.serve ()
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t k=021t
if args.max input tokens > 0:
input tokens = tokenizer.batch encode plus(

input sentences,
return tensors="pt",
padding="max length",
max length=args.max input tokens,
truncation=True,

)

else:

input tokens = tokenizer.batch encode plus(
input sentences,
return_ tensors="pt",
padding=True

)
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